20. un 21. gadsimta vestures pétnieciba un cilvekkapitala ataudze

Véstures datu analize ar datormetodéem:
Komjaunatnes darbinieku datubaze (1970.—

1990. gads) un tgs apstrade un analize ar
datormetodém

LU LFMI Digitalo humanitaro zinatnu grupas pétnieks
un LU HZF doktorants Haralds Matulis
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Lekcijas-darbnicas saturs

1. 25min - ievads par “digitalajam metodem”.

TaCu - bus VPP projekta ietvaros vel atseviska “lekcija” un
“zinojums” par “digitalajam metodem vestures petnieciba”.
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Lekcijas-darbnicas saturs

1. 25min - ievads par “digitalajam metodem”.

TaCu - bus VPP projekta ietvaros vel atseviska “lekcija” un
“zinojums” par “digitalajam metodem vestures petnieciba”.

2. 45min - Dainas Bleieres sagatavotas datu kopas “Komjaunatnes
darbinieku datubaze (1970.—-1990. gads)” analize ar
datormetodem

3. 20min — jautajumi un diskusija par datu kopas analizi un
plasak par datormetodem.

‘
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0 - meklesana un parlukosana (search / browse) digitalajos resursos. Tam seko
petnieciba ar kvalitativajam metodem.
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0 - meklesana un parlukosana (search / browse) digitalajos resursos. Tam seko
petnieciba ar kvalitativajam metodem. (1) Google, (2) periodika.lv

GO gle vésture

Al Images Videos News Web Books Finance
€ C M@ 25 periodika.lv/#searchResults:%23atputa

Latvijas Vikipedija 10 klase Kas ir Latgales Periodi Valmieras iTVIJASNACIONALADIGITAIABIBLIOTEKA VIENOTAIS MEKLETAJS GRAMATAS >  PERIODIKA > = ZL

= | <) Klausities [ 2 ‘

- Ww-m PERIODIKA
W Wikipedia

hitps:/lv.wikipedia. iki> V... - T late thi:
ps Hlv-wikipedia.org » wi» ransiate this page Visi i i Gramatzi iktie materiali jjas Labojumi K ari  Novértétie Grozs Saraksti
Vésture
T O

Vésture ir zinatne, kas péta cilvéku sabiedribas attistibu un §is attistibas posmus no télas pag: nl atplta o= E

misdienam. Ta atklaj un apraksta pagatnes ...

IEROBEZOT REZULTATUS Lapa no 19718 Atrastic 304357 rezultati  Radit lapé: m

@ Uzdevumi.lv Izdevuma nosaukums A
https://www.uzdevumi.lv » vesture - Translate this page

~ " . . a 9 -
Vasture: teorija, uzdevumi, testi. S o S Bistams skatulogs.
Veéstures zinatnes raksturojums - Cilvéces pirmsakumi - Cilvéces attistiba. Akmens laikmets - : ] Padomiju Jaunatne 18723 R h | 1936.04.24 Atpiita
e me A oo . Rigas Balss 13688 ™
Pirmas civilizacijas - Pirmas Eiropas civilizacijas. ) Komunists (Liep3ja) 12030 3: ™ 3‘
] Sports (Latvijas ... 11979 PET
. _) Laiks 9934 R )
© Uzdevumilv , Padomju Venta (Ve... 6598 -
https://www.uzdevumi.lv » 6-klase - Translate this page : Latvija Amerika 6338
Kas ir vésture — teorija. Latvijas v&sture, 6. klase. () DoaBeles (pn.. ‘o209 Ballada par vartu sargu
Vésture ir cilvéku sabiedribu pagatnes faktu noskaidroSana un pierakstiSana. Vésture ir pasu ];:ii.g‘lti:i‘s“pma
notikumu kopums. VEsture ir macibu priekSmets skola. Datums A\
Tézaurs 1870-1879 1 v
[T] https://tezaurs.lv > vésture:1 - Translate this page 1880-1889 ¢ v
vésture 18390=1899 s had Atrisindjums uzdevumam «Kur palikusi tre$a stradniece’
Attfstibas gaita, process un likumsakaribas cilvéku sabiedriba; secigu faktu un notikumu kopun 1900-1909 ps2 W 1936.04.24 Atputa
Piemari- Vi - _ o ke vian el 1910-1919 482 v 2 Atrisinajums uzdevumam «Kur palikusi tre$a stradniece?>
ieméri- Visas cilvéces vésture vieni kari vien ir! 5 T Z PSS G T e e e 2




Kas ir digitalas metodes humanitarajas zinatnes (DH)

0 - meklesana un parlukosana (search / browse) digitalajos resursos. Tam seko
petnieciba ar kvalitativajam metodem. (Huistra & Mellink 2016 raksts)

ABSTRACT
In recent years, mass digitization has opened up voluminous texi
Full-text search lets historians now find new sources that car
i i - z thoroughly studied historical episodes. At the same time, it fc
Historical Methods: A Journal of Quantitative and sources in a new way: through specific words. This article analy:
Interdisciplina ry HiStOI’y way of accessing sources and investigates which search technol
source selection in digital repositories. It argues that to seize t
offers, historians must refine their search technologies so that the
dependent on exact phraseology.

ISSN: 0161-5440 (Print) 1940-1906 (Online) Journal homepage: www.tandfonline.com/journals/vhim20 We have all been there: Sitting behind your computer
screen, browsing the national newspaper database,

; " s ; 3 s searching for sources on the public reception of, say, the |
PhraSIng h|5t0ry3 SeIeCtlng sources in dlgltal assassination of John F. Kennedy. First, you enter the ]
re posito ries president’s name and limit the time period to 1963, but :

it feels feeble to look only for sources containing “John F.
Kennedy” in full, and it returns many articles on irrele-

Hieke Huistra & Bram Mellink vant aspects of Kennedy’s life. You then extend your
search with synonyms (“president,” “Kennedy”) and
To cite this article: Hieke Huistra & Bram Mellink (2016) Phrasing history: Selecting sources in words more specifically related to the subject (“assassina-
digital repositories, Historical Methods: A Journal of Quantitative and Interdisciplinary History, tion,” “shooting,” “Dallas”), but still the results are either  «
49:4, 220-229, DOI: 10.1080/01615440.2016.1205964 too many (when you search for any of these words) or
To link to this article: https://doi.org/10.1080/01615440.2016.1205964 too few (when you search for all of them). At the end,

you randomly select a few newspaper articles, some of
which prove useful. You add them to your footnotes as if
you consulted them in the archive, perhaps happy with
their added value, perhaps with a twinge of guilt about 1
your haphazard selection. You then close your browser 1
and return to the paper sources (business as usual). i
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1 —izpetosa datu analize (exploratory data analysis) ar gataviem rikiem: pieméram,
Voyant, Gephi, Palladio. Darbs ar tekstu korpusiem.
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1 —izpetosa datu analize (exploratory data analysis) ar gataviem rikiem: pieméram,
Voyant, Gephi, Palladio. Darbs ar tekstu korpusiem. https://voyant-tools.org

<« G [ % voyant-tools.org/?corpus=4044b5cbadel5ef75aa59c9fdbbd8913 e S o I} @ :
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man  X©  vina " I ks
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= o eauri atkal
. misu licijas @ B
A to jums s e sk g - goooro
vinam vél e §
. an ko karlons .o ; &0.00084
ViSU  zemes  zingja @
[
k u . . g
as vin§ | es  vipa | sau | mum eviens £0.00081
&
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vel kas to kad || PO 0.00044
es .
zinaja . P T —
4 atbildsia 0.0000 T T T T T T T T T T
ke (mebos | (lmems 1 2 3 4 5 6 7 8 9 10
Document Segments (title: Saucéja balss isPartOf: creator: Bels, A...)
Clear Context 1= Terms: (e C Reset Display
| BB Documents EH Phrases ? BB Contexts @ Bubblelines E8 Collocates ?
Document Left Term Right
This corpus has 1 document with 39,570 total words and 14,160 unique word forms. Created now. ) ) o ) )
title: Sa. nasta pienacigi liela, jo kajas  vins ar gratibam céla uz priek$u
Vocabulary Density: 0.358 title: Sa izlauzas aizsmacis klepus, un vienreiz ving bikli paravas tuvak namiem, kad
Readability Index: 15.855 title: Sa peleka piecstavu nama. Klusi sekdams,  ving  atvéra parades durvis, uzkapa otraja
Average Words Per Sentence: 16.4 title: Sa atbildéja, vakdams kopa amata rikus.  ving noglabaja kasté merkoku, mazo amurinu
Most frequent words in the corpus: title: Sa l0pas sakusté&jas, tacu ne skanas  ving neizdvesa, gaja tapat vien talak
& VNS (314); s (187); kas (174); ko (153); V&l (133) title: Sa bridim apstadamies un atpazdamies 3K\ta‘ ving uzmanigi ieklausas kapnu klusuma. Nona...
title: Sa vina balss pamazam zaudgja aizsmakumu.  ving atsledza vél vienas durvis gaitena
title: Sa Veca kustlbas pamazam kluva atraisitakas. ving nolika amata kasti un aisedas
items: (& 314 context (= expand =
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1 —izpetosa datu analize (exploratory data analysis) ar gataviem rikiem: pieméram,

Voyant, Gephi, Palladio. Darbs ar tekstu korpusiem. hitps://gephi.org
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1 —izpetosa datu analize (exploratory data analysis) ar gataviem rikiem: pieméram,
Voyant, Gephi, Palladio. Darbs ar tekstu. Attps//hdian stanford ecdu/paliacio/

1e E.volution of a Network



https://hdlab.stanford.edu/palladio/
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2 —datu vizualizacija. Vai nu ar gataviem rikiem vai petniekam programmejot
(kodejot), pieméram, python + pandas + matplotlib. (1) ka izpétosa datu analize, (2)
ka pieradosa ilustracija kadam argumentam raksta, (3) ka zinatnes komunikacija.
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2 —datu vizualizacija. Vai nu ar gataviem rikiem vai petniekam programmejot
(kodejot), piemeram, python + pandas + matplotlib.

’ Jupyter _01-datu-apstrade Last Checkpoint: & days ago

File Edit View Run Kernel Settings Help
B + X 0O [ » = C » Markdown v

- Import Required Libraries

Import the necessary libraries, including pandas.

# Import Required Libraries
import pandas as pd

# Set display options

pd.set_option('display.max_rows', 500)
pd.set_option('display.max_columns', 30)

Read CSV File

Use pandas to read the CSV file into a DataFrame.

# Read CSV File

df = pd.read_csv('../izejas_dati/Komj_CK_8@tie.csv')
df.head(250)

Uzv.,

vards+1:205 Laukilpils S[V DzimS.g. Tautiba Kur dzimis
Nataljins ) -

Aleksandrs CK v 1951 Kriev Piejlras nov.
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Abbreviations for diaries

LFKAKT4ds
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LFKAK29ds
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LFKAKSOds
LFKAKEOds
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LFKAKLELds
LFKAK79dm
LFKAK39ds
LFKAK108ds
LFKAKE6ds
LFKAK101ds
LFKAK43ds
LFKAK181ds
LFKAKS 1ds
LFKAK148ds
LFKAK1772ds
LFKAKATds
LFKAK10ds
LFKAK40ds
LFKAK1T5ds
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LFKAK154ds
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LFKAKS9ds
LFKAKk145ds
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3 — skaitlosanas (computational) metodes, lai atklatu statistiskas likumsakaribas
“lielos” datu apjomos. Tematu modelesana (topic modelling), noskanojumu analize

(sentiment analysis); dazadi masinmacisanas (classification & clustering)
pielietojumi.
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3 — skaitlosanas (computational) metodes, lai atklatu statistiskas likumsakaribas
“lielos” datu apjomos. Tematu modelésana (topic modelling), noskanojumu analize
(sentiment analysis); dazadi masinmacisanas (classification & clustering)
pielietojumi. (1) Chang et al (2009) topics schema; (2) pyLDAvis visualization tool

In [207.. code_model['vis']

Out [207]:
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trained on articles from the New York Times. On the right is a simplex depicting the distribution over topics Ln i
associated with seven documents. The line from each document’s title shows the document’s position in the open source
: e
~ space.
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3 — skaitlosanas (computational) metodes, lai atklatu statistiskas likumsakaribas
“lielos” datu apjomos. Tematu modelesana (topic modelling), noskanojumu analize
(sentiment analysis); dazadi masinmacisanas (classification & clustering)
pielietojumi. Dabigas valodas apstrade; bi-, tri- vai multi-polari vertejumi.

(D>

. REVIEWS
‘\ 1. Smells amazing! A perfect purchase :)
_— _—
2. Must buy! Super amazing.

(24
L
ragrance-1 3. Quite satisfactory N
Lavender) : POSITIVE (81%)
- Z
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w 1. A decent purchase —_— e b ®
2. Quite okayish! Smells average E -~
ragrance-1 3. Could have been better in lot terms E
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-
<. 2
= REVIEWS w
=, wv

|
|

2. Total waste of money

ragrance-1 3. Terrible smell, not worth buytng
(Lemon) negative (91%)) \

@‘\ 1. An absolute waste of money.
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3 — skaitlosanas (computational) metodes, lai atklatu statistiskas likumsakaribas
“lielos” datu apjomos. Tematu modelesana (topic modelling), noskanojumu analize
(sentiment analysis); dazadi masinmacisanas (classification & clustering)
pielietojumi. Dabigas valodas apstrade; bi-, tri- vai multi-polari vertejumi.

(D>

. REVIEWS
‘\ 1. Smells amazing! A perfect purchase :)
_— _—
2. Must buy! Super amazing.

[+ 4
(58]
ragrance-1 3. Quite satisfactory N
Lavender) : POSITIVE (81%)
. >
= REVIEWS
i < i |
@‘\ 1. A decent purchase —_— e b ® lietot ar apc_lomu.
2. Quite okayish! Smells average E -~ Metode radita:
'a(%'anc)e" 3. Could have been better in lot terms s —isiem tekstiem
. — NEUTRAL (88%) _ T el
= komercialiem mérkiem
<. 2
ol REVIEWS T} ) . _ .
R v dzive, teksti un kulttra biezi
‘\ 1. An absolute waste of money. —— _ vien ir sares&itaka par plus
2. Total waste of money g parp ’

ragrance-1 3. Terrible smell, not worth buytng minus un neitral
(Lemon) negative (91%)) \
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3 — skaitlosanas (computational) metodes, lai atklatu statistiskas likumsakaribas
“lielos” datu apjomos. Tematu modelesana (topic modelling), noskanojumu analize

(sentiment analysis); dazadi masinmacisanas (classification & clustering)
pielietojumi. (1) punktu grupejums 3 klasteros, (2) klasteru dendrogramma
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4 — lielie valodu modeli (LVM). caur chat saskarni, piemeram chatGPT. vai caur API
pieprasijumiem. Pielietojums — klasifikacijas problemu risinajumi. Trakumi -
necaurspidigums, nereproducejamiba.
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4 — lielie valodu modeli (LVM). caur chat saskarni, piemeram chatGPT. vai caur API
pieprasijumiem. Pielietojums — klasifikacijas problemu risinajumi. Trakumi -
necaurspidigums, nereproducejamiba. (1) https://chatgpt.com/ — chat versija.

ChatGPT

how to get in jupyter notebook make that every word is in new line in
markdown code?

® To make every word appear on a new line in a Jupyter Notebook markdown cell, you need to insert
a line break after each word. In markdown, a line break can be created using two spaces followed

by pressing Enter . Alternatively, you can explicitly use <br> HTML tags to create line breaks.

Here's how you can do it:

Using Line Breaks with Spaces

Write each word followed by two spaces and press Enter . For example:

@ C
Wordl
Word2
Word3
Word4
This will render:
@ C

Wordl

Message ChatGPT
e ° \\


https://chatgpt.com/
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4 — lielie valodu modeli (LVM). caur chat saskarni, piemeram chatGPT. vai caur API
pieprasijumiem. Pielietojums — klasifikacijas problemu risinajumi. Trakumi -
necaurspidigums, nereproducejamiba. (2) APl pieprasijumi openai LVM versijal
(atteli no Andres Karjus lekcijas BSSDH 2024).

Talking to the APl using openai Python package

from openai import OpenAI
client = OpenAI(api_key="sdfghjkldfgawdwadpdpawdpetrthjkl")

response = client.chat.completions.create(
model= “gpt-40",
messages = [{"role": "user", "content":
"Is this sentence about nature or natural processes:\n
What a beautiful sunny day!"
.
max_tokens = 1,
temperature = 0,
logit bias = {'13022': 100, '3160': 100}
)

response.choices[@].message.content

Find anything Lenin-like: "Does this image potentially contain some depiction of the
historical figure V.I. Lenin? ONLY answer Yes or No, guess if needed, never say Sorry.
Consider that it could be Lenin in person, or Lenin depicted on a painting, banner,
sculpture or a relief, either in the foreground or somewhere in the background."

Depiction type detection: "Does this image contain some depiction of the historical
figure V.I. Lenin? If not then just say: No Lenin. If it is Lenin in person then say: Real
Lenin. If it is instead some Art depiction of Lenin (portrait, sculpture, relief, bust etc) then
say: Art Lenin. Do NOT say anything else, guess if needed, do NOT say Sorry." X
Lenin detection accuracy \
GF'Txg/
CogVLM (178) Depiction

Moondream-2 (1.86B) :
)

LLaVA-1.5 (138, 4bity ® | 2°CUR0

Scheme: no Lenin, Lenin (art, real?) 0
Unit: extracted scenes ] -

e = % 6 YOLO-World-L (48M), mid O
Quantification: Lenin~time RO (R (o e
1 YOLO-World-L (48M), low O




Kas ir digitalas metodes humanitarajas zinatnes (DH)

0 - meklesana un parlukosana (search / browse) digitalajos resursos. Tam seko
petnieciba ar kvalitativajam metodem.

1 - izpetosa datu analize (exploratory data analysis) ar gataviem rikiem vai pétniekam
stradajot ar kodu: pieméram, Voyant, Gephi, Palladio. darbs ar tekstu korpusiem.

2 —datu vizualizacija. Vai nu ar gataviem rikiem vai pétniekam programmejot (kodejot),
piemeram, python + pandas + matplotlib.

3 — skaitlosanas (computational) metodes, lai atklatu statistiskas likumsakaribas “lielos”
datu apjomos. Tematu modelésSana (topic modelling), noskanojumu analize (sentiment
analysis); dazadi masinmacisanas (classification & clustering) pielietojumi.

4 — lielie valodu modeli (LVM). caur chat saskarni, pieméram chatGPT. vai caur API
pieprasijumiem. Pielietojums — klasifikacijas problemu risinajumi. Trakumi — \
necaurspidigums, nereproducejamiba. \
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Mazs britins ievilkt elpu
& Jautajumi par pirmo dalu!



Vairak par digitalajam humanitarajam zinatnem:

« www.digitalhumanities.lv majaslapa —1pasi BSSDH vasaras
skolas materiali + pieteikSanas BSSDH 2025 no 17/. februara

* DH Raidieraksts youtube — sarunas ar Latvijas petniekiem, kas
strada DH joma

* Atverta lekcija Vestures VPP
letvaros (feb /mar 2025) -
par digitalo metozu izmantosanu
vestures petnieciba



http://www.digitalhumanities.lv/

Merki darbnicas 2. dalai



Merki darbnicas 2. dalai

* paradit tipisku darbplusmu - python + Jupiter notebooks +
pandas + matplotlib.

* paradit jautajumus, kas rodas par datiem / par to formatejumu
un pierakstu.

* paradit datu sagatavosanu (cleaning / pre-processing) analizei.

e paradit datu analizes solus un metodologiskas pardomas, un
dazus secinajumus.

N



Darbnicas saturs

1. Darba vides parskats - Jupiter notebooks + python + pandas +
matplotlib.

2. Anonimizéesanas piemers.

3. Pamata statistika par datiem 2 vizualizacijas.

4. Datu attirisana un precizesana — nepiederigie dati izdzésti, NaN
rindas izdzestas.

5. Datu grupéesana (interpretativs solis) — saruna ar chatGPT.

6. Karjeras trajektoriju analize — vairaki scatterplots.

7. Trajektoriju vizualizacijas. \\



uz Jupiter Notebooks!

Sadarbiba starp humanitaro petnieku & datu petnieku:

* |lzejas datus péetniecibas ietvaros ir sagatavojusi Daina
Bleiere.

* Datu analize aplukotie péetnieciskie jautajumiizriet no
Dainas Bleieres ekspertizes un petnieciskajam interesems —

»ko par komjaunatnes darbinieku karjeru trajektorijam var
Izpetit ar datormetodem?»

 Ka noradit sadarbibu pie publikacijas / referata.

N






Datu veidi

* Nestruktureti dati — piemeéram, romana teksts
* Daleji struktureti dati — tabulari dati ar dazadu saturu

e Struktureti dati — tabulari dati ar skaitliskam vertibam /
kategorialam vardiskam vertibam (piemeéeram, Ja, Ne, Riga,
Pieaugusais, utml)



Datu veidi

* Nestruktureti dati — piemeéram, romana teksts
* Daleji struktureti dati —tabulari dati ar dazadu saturu

e Struktureti dati — tabulari dati ar skaitliskam vertibam /
kategorialam vardiskam vertibam (piemeéeram, Ja, Ne, Riga,
Pieaugusais, utml)

* ir Excel jeb csv fails, ar kolonnu nosaukumiem un jaukta tipa
datiem - skaitli, kategoriali vardi, plustosa vardu seciba.



datu "normalizacija"” — piemeri:
(1) kartografiskiem datiem — Petrograda / Peterburga / Leningrada
(2) valodnieciskiem péetijumiem —we're = we are, U.c.

(3) lemmatizacija — Riga, Rigas, Rigai, Rigu — pilna teksta meklesanai.
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